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Abstract 

 In order to be involved in society, especially online society, it is required to hand over 

information deemed private and personal; phone number, email, name, birthday, general location, 

etc. There are tactics used to increase online satisfaction like targeted advertising, personalized 

content, data tracking, etc. With huge swings in technology it is imperative to focus on the 

ethicality of it all. Discussions related to these contexts can be difficult to understand from an 

outside perspective, but through analyzing human online experiences we can increase knowledge 

and understanding from the point of view of the creator and the consumer. This text explores 

psychographic data usage tracked and understood through network science techniques while 

consulting a user experience survey as evidence for human needs for ethical technology. 

Research Question 

In what ways do psychographic data techniques influence network privacy and social network 

structure, and how does the public feel about their actions taken online with respect to privacy? 

Definitions 

Psychographic Segmentation: Psychographic segmentation is based on individual behavioral 

psychographic data pulled from online interactions. From there, users are segmented into groups 

based on characteristics including subconscious or conscious beliefs, values, lifestyle, social 

status, opinions, and activities. This makes users easier to predict, and therefore, influence.  

Microtargeting: Microtargeting is most often used in marketing and advertising for political 

campaigns. It uses data mining techniques that involve predictive segmentation like 

psychographic segmentation, to extract information like political parties, values and ethics, 

spectrum mobility, voter intention and history, and potential supporters.  



Targeted Advertising: Targeted advertising is the most streamlined way to present consumers 

with information that reflects their specific interests, shopping, spending, and consuming habits, 

decisive behavior, etc. This is often done with the use of psychographic data.  

Self-Organizing Maps: SOM is a machine learning method that can be used to explore linear 

and non-linear patterns in large and complex datasets. These maps create a network that relates 

aspects like altruistic values, concern levels, skepticism, attitudes toward consumption, and 

intention. The goal of SOMs is to influence different parts of the network to respond to different 

patterns. This type of map is intended to mimic how brains process sensory information.  

Data Mining: Data mining has the potential to extract and discover patterns in any data set; it 

involves methods like statistical analysis, database tapping, and machine learning. 

Introduction 

 In today’s network driven society, we are constantly bombarded and overwhelmed with 

content. The plethora of content surrounding us includes everything from mass media and news, 

online networking, social media, online shopping, or just general learning sites.  We are 

consistently using platforms, applications, and websites to complete tasks on a daily, even hourly 

basis. The actions each of us take online turns into data and leaves a digital footprint.  Within this 

text, we will use the broad term data often, sometimes it will be specific, but when we say data 

here, we are referring to individual tiny pieces of information that are substantiated within a 

larger cluster of information that creates what is called a digital profile. These individual digital 

profiles are what make us susceptible to advertising, biases, what we see on social media, in 

addition to influencing our consumer behavior. Watching your favorite Tik Tok or Instagram 

content producer could easily influence you to buy a certain pair of shoes, listen to a recently 

released single on Spotify, or do a little online shopping, after being alerted to a sale, on Revolve.  

While many of us enjoy and benefit from social networks and digital forms of connection, 

unfortunately, there are cases where these digital profiles are placed in the wrong hands and used 

against us, in potentially nefarious ways.  Psychographic data is data gathered, such as your 

digital profiles, which makes it easier to potentially predict behavior, opinions, thought 

processes, values, etc[2]. It can also illustrate what makes you scared, happy, participatory and 



engaging, progressive or conservative, etc. It is beautiful, rich data. Some experts even posit that 

this data is revolutionary. Yet, we’ve encountered instances where the use of this data has turned 

into psychological digital warfare. In this text we will analyze a few instances of psychographic 

segmentation and data usage. A research study in Kuwait used psychographic segmentation of 

people to analyze environmentally sustainable consumerism [5]. They used some network 

analysis through self-organizing maps to determine who is behind this spending, why people 

shop at a particular store or website, what motivates these green consumers, etc. In this text, we 

also deconstruct the Cambridge Analytica scandal of 2016-18. Where a large data analysis 

company extracted thousands of data points on millions of Facebook users and persuaded the 

voting behavior of many Americans. 

Motivation 

 A major motivation towards this text was the 2018 Cambridge Analytica scandal. This 

was one of the largest usages of psychographic data, surveillance, and bio-power in technological 

history[1]. Strategic Communications Laboratory (SCL) Group formed a sub-segment of their 

company called Cambridge Analytica. SCL and Cambridge Analytica built a reputation of using 

intense data strategy built on defense for militaries. In addition they made their way throughout 

countries all over the world, wagering intense polarization throughout Kenya, the Philippines, 

and even constructed organized protests to voting in Trinidad and Tobago. Cambridge Analytica 

famously sat on boards for Brexit in the United Kingdom, representing new, emerging 

technologies and methodologies to increase awareness of the cause[1]. In 2018, news broke about 

a data company using non consensually obtained data from Facebook users by breaching into 

individual users’ social networks across the country[4]. Cambridge Analytica deployed a 

personality quiz that gave users their “OCEAN” score. It asked questions and stated sentences 

like “I don’t talk a lot.” and asked users to score themselves on a scale. This referred to 

Openness, Conscientiousness, Extroversion, Agreeableness, and Neuroticism[1]. These scores and 

similar tests have been used for decades to research identifying traits of personalities. When 

someone submitted this seemingly harmless quiz to learn about themselves, they also agreed to 

share their own data; and, unbeknownst to them, share their entire Facebook network’s data. This 



resulted in Cambridge Analytica harvesting over 5,000 data points on almost 90 million 

Facebook users[3]. Thus, curating the opportunity to intensely analyze the personalities, actions, 

identities, behaviors, interests, dislikes, wants, needs, etc. of millions upon millions of 

unsuspecting people. Although this news became public in 2018, all of this happened to lead up 

to the 2016 Presidential Election of Donald Trump. 

 This would not be relevant if it was not for so many consistent ties to Cambridge 

Analytica and the Trump Administration. Former White House Chief Strategist under the Trump 

Administration, Steve Bannon, doubled as the former Vice President of Cambridge Analytica. 

The Trump Administration also hired Cambridge Analytica for political advertising campaigns. It 

is not obscure for political campaign teams to hire data companies for strategy assistance and 

demographic understanding, but once the underground doings of Cambridge Analytica became 

known in 2018, many suspected foul play in terms of the election[4]. Because Cambridge 

Analytica held such incredibly precise information on these 90 million Facebook users, the 

company was able to use psychographic segmentation to organize and categorize people based 

on their potential voting behavior. They specifically targeted users they called “persuadables,” 

people deemed easily impressionable. This was based on their online interactions, what they 

liked, what they spent time reading, how they used the platform, etc[3]. It is widely recognized 

that just under 80,000 people decided the 2016 election from swing states[6]. 

 This type of overwhelming involvement in not just daily interactions, but also imperative 

political decisions gives a large scope to power in tech when we subject ourselves so unwillingly. 

This entire story is important to perspective when considering how individuals’ networks are so 

easily manipulated. Focusing on psychographic data with respect to network science tactics can 

open opportunities to create more ethical technology advancements the ways people need them. 

Evaluating Neural Networks and Self-Organizing Maps 

 One way that psychographic data can be used is as a means of profiling users. Through 

the use of Artificial Neural Networks, or more specifically, Self Organizing Maps, profiles are 

created that aggregate information related to user psychology. SOM’s, or a Kohonen network, 

was first introduced in the 1980s by Finnish professor Teuvo Kohonen. In short, Self-Organizing 



maps are unsupervised neural networks that specialize in clustering high-dimensional data. The 

goal of Self-Organizing Maps is to cause different parts of a network to have a similar response 

to certain input patterns. This type of network analysis is modeled off of how sensory 

information is processed in the human brain. SOM analysis can be very useful for visualizing 

psychographic data because the nature of these networks is directly related to our psychology.  

 The typical architecture of a Self-Organizing Map will consist of three different layers: 

input later, weights, and the Kohonen layer. The input layer consists of N numbers of inputs 

which are mapped to neurons found in the Kohonen layer. Each Neuron contains a set of weights 

that will be associated with each input. Weights will determine the spatial location of each 

neuron in a 2D space. The neuron whose weight vector matches up most similarly with the input 

will be the “Best Matching Unit” or the “Winner Neuron”. Other neurons in the SOM grid 

around this unit will be adjusted towards the input vector. According to Wikipedia, “While nodes 

in the map space stay fixed, training consists in moving weight vectors toward the input data 

(reducing a distance metric such as Euclidean distance) without spoiling the topology induced 

from the map space”[9]. After some time, the neurons in the Kohonen's layer will have visualized 

a series of clusters. While SOM’s are typically used as machine learning classification and 

prediction techniques, SOM’s can provide valuable visualizations to be used in advertising and 

political campaigns. 

 One area of interest is determining the psychological factors relating to the trait of buying 

environmentally conscious products. Simply put, what environmental factors will influence 

certain consumers to buy products? To further explore this, researcher Mohamed M. Mostafa 

uses SOM’s as a tool to determine the effects of cognitive factors on green consumptions in the 

country of Kuwait[9]. As the trend of green consumption continues to grow, SOMs are used to 

help marketers cater content to certain personality traits.  

 Unlike modern psychological data methods, This study used the drop-off, pick-up survey 

method to get a sample size of around 472 respondents. By using SOMs as opposed to more 

traditional methods like k-means, researchers are able to cluster information without linear data. 

Furthermore, this analysis consists of two layers: input and output. The input layer classifies 

information according to similarity and the output layer produces a 2D map graphing 
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the neurons by weight similarity. The variables used for this study are as follows: skepticism, 

knowledge, concern, altruism, attitude, and intention. 

 Additionally, “a hierarchical cluster analysis with a Ward linkage method was applied to 

the SOM to clearly delineate the edges of each cluster”[5]. This type of clustering allows for 

profiles to be created which can be visualized in Fig. 1.  Each cluster can be visualized in Fig. 2 

and represents a market segmentation with “true-greens” taking up a large portion of the 

network[5]. These true-greens are labeled as true greens because they have high scores in almost 

every variable. The next cluster is the “reluctant greens”; these clusters are respondents who 

score highly in green consumption but scored lower than the true greens in attitudes and 

intentions towards green products. Respondents in the next cluster labeled as “basic browns”, 

show very low scores in all areas except environmental skepticism. The last and smallest cluster 

is the potential greens profile. These are potential greens because they score highly in attitudes 

towards and intention to buy green products. Despite this, they also show the highest scores in 

terms of environmental skepticism.  

 Visualizing a cluster of values as seen in Fig. 2 can be extremely useful for determining 

marketing strategies to get users to buy green products. Each cluster will have psychological 

values and triggers that can be tailored to fit each profile. For example, people who scored very 

low in environmental skepticism and high in altruism may be more likely to purchase a product 

if the message is framed around saving the planet. Shocking environmental statistics can be 



displayed that would not be nearly as effective for someone who scores high in environmental 

skepticism.  

 While this study was limited by relying on self-reporting past or future actions, modern 

data collection methods will not be. Social media companies are able to capture real-time 

internet interactions that can be used to gather personality or psychographic information. In the 

era of big data, everything on the internet can be tracked whether we are conscious about it or 

not. With the amount of information gathered by social media, using Artificial Neural Networks 

with psychographic data will continue to improve to the point where an algorithm will know 

more about a users’ habits than the user does.   

 This analysis and many others fail to consider the ethics of psychological profiling. When 

creating large complex models with such personal information, many questions arise over issues 

surrounding privacy, invasiveness, and ownership. Putting effectiveness aside, networks such as 

these are hovering between the lines of influence and manipulation. Perhaps the novelty of these 

techniques has caused researchers to neglect their focus on the user side of this analysis. It’s 

possible that many of the companies simply don’t care about the effects of such effective 

profiling techniques. This paper attempts to bridge the gap of misunderstanding between user 

and data. There are many unknowns in regard to public opinion and knowledge about this 

technology. Through our research, we will be investigating these gaps by evaluating 

The Rise of Psychographic Data, Consumerism and Coercion 
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 Online social networks have changed the landscape of social life and human life as a 

whole.  Online social networking is a crucial set of media used by all groups, especially young 

adults, to communicate with each other, conduct business, share likes and dislikes, content, and 

information.  As our use of digital media platforms and the subsequent digital economy has 

increased, so too has interest in what the data we consume and digital footprints we leave behind 

say about us.  Traditionally, personality has been one of the most heavily studied concepts in 

consumer behavior. Various research studies have been conducted on personality traits in relation 

to product and brand preferences. What a consumer purchases, when and how they purchase is 

influenced by his or her personality type. This is why marketers and advertising companies are 

interested in understanding the meaning of personality and traits, as well as how these traits 

affect consumer behavior. Today, marketers know that consumers’ attitudes are the mixtures of 

belief, feelings, and tendencies that lead to favorable responses resulting in a purchase. 

 Growing up children learn basic values, perceptions and wants from the family and other 

important cultural groups.  Marketers are always trying to find “cultural shifts” which might 

point to new products that might be desired by consumers or increased demand. A 2015 study, 

exploring the youth consumer market in Jordan, looked at the importance of the youth market in 

identifying lifestyle patterns in terms of activities, interests, and opinions. The study population 

consisted of 250 young consumers between the ages of 15 and 25 years old.  The major finding 

from the study found that the significant difference in young consumers' activities and opinions 

was solely based on gender.  From a marketing perspective, if one were to track the data gathered 

from this population, they could conceivably target this group based on known gender 

preferences and thereby influence the target group's consumer behavior. 

 Psychographic research first emerged in the 1960s, attempting to understand consumer 

(rather than political) behavior and moving beyond standard demographics into areas such as 

personality traits, activities, interests, opinions, needs, values, and attitudes to offer novel 

insights into large, representative samples of respondents[12].  It is an analysis technique used to 

measure consumer lifestyles, people’s activities, interests, and opinions. Based on the 

combinations of these dimensions, consumers are classified or segmented. The functions of 

psychographic data are concentrated on an individuals’ perception and are closely related to the 



individual’s demographic such as gender, race, and more.  Historically, research efforts have 

relied on more traditional market descriptors and have, for the most part, ignored the benefits of 

exploring personality and lifestyle variables.  Recent studies have suggested that psychographic 

data offers a richness and dimensionality to psychological characteristics and could prove to be a 

superior predictor of market behavior. 

 Consumerism 

 A 2009 Kuwaiti study, the first of its kind, used SOMs to look at the influence of various 

psychographic and attitudinal factors on the green purchase behavior of Kuwaiti customers. 

Evidence has shown that a growing number of consumers in the US and Western Europe are 

becoming more environmentally responsible in terms of their personal habits and lifestyle[5].  

The study found that the major variables affecting green consumption are related to altruistic 

values, environmental concern, environmental knowledge, skepticism towards environmental 

claims, attitudes toward green consumption and intention to buy green products. The empirical 

study involved the administration of a self-completion questionnaire to citizens in Kuwait. 

Researchers also found that SOMs are capable of improving clustering quality while extracting 

valuable information from multidimensional data[5]. The paper went on to illustrate the 

advantages to using SOM to cluster and visualize green market segments in Kuwait.  

 Psychographic data is revolutionary, in part, due to the ease of acquiring it and the wealth 

of information it provides. We leave a traceable digital footprint every time we go online, and 

those footprints can be tracked across a wide range of digital activities. A recent study of 48 

students was conducted in 2020, to track the types of digital footprint data used to predict 

psychographic and human behavior. The data yielded rich insights into human behavior.  

Increasingly, across the past decade, psychographic and neuromarketing tools are combined with 

data and tracking methods to determine the emotional impact of advertising campaigns, and how 

to tailor persuasive political messages to profiled audiences’ psychological needs[8]. The various 

sources of digital footprints such as organized, unstructured, geographical, time-series, network 

and linked data also provide new opportunities in exploring human personality and actions. Still, 

there are some scholars that discourage the use of the digital footprint techniques to predict 

human behavior[7].  



 The concern over the use of psychographic data not only applies to marketing and its 

potential to shape and influence consumer behavior but also in the area of digital political 

campaigning. As Nadler pointed out in 2018, combining psychological research and data-driven 

targeting to identify audience vulnerabilities is the mainstay of digital marketers. The 

proliferation of such techniques, whether or not ultimately influential on voting behavior, is 

democratically problematic.  Political campaigners increasingly deploy digital marketing tools 

that lend themselves toward influencing activities, and which have, in some cases, been 

demonstrably used for deceptive and coercive purposes[8]. Unfortunately, many people do not 

realize that digital microtargeting tools are being employed for political purposes.  

Psychographics, emotional testing, and mood measurement have long been central to political 

campaigns, but the rise of big data analysis and modeling has enabled access to psychological 

characteristics and political inferences far beyond the reach of traditional databases[10]. For 

instance, Kosinski et al. (2013) developed an algorithm that, based on an individual’s “likes” of 

public Facebook pages (a fraction of data available to data brokers), could automatically and 

accurately predict an individual’s personality traits according to the “OCEAN” scale[2].  

 The recent scandal involving Cambridge Analytica, Facebook, and the US Elections, 

where known information, derived from data, was used to deceive, and manipulate people in 

order to change their political views brings into razor sharp focus the threat posed by 

psychographic data and its manipulation and potential agency to further the agenda of a specific 

group.  The estimate of the data breach ranged anywhere from 30 million to 80 million profiles.  

A recent study about the incident found that unethical developers can use simple, trivial things 

such as posts, comments, likes and shares to gather sensitive information about the user, such as 

race, gender, orientation, as well as provide a hint as to the political affiliation of a person Users 

are presented with the advertisements keeping in mind their political views. Psychographic 

Microtargeting Advertisements are presented in such a way that either it will enhance the belief 

of a user, or it will reinforce the pre-conceived notion related to any party[11]. 

 Following its collapse, Cambridge Analytica was found to have breached principle one of 

the UK’s Data Protection Act 1998 for unfairly processing people’s personal data for political 

purposes, including purposes connected with the 2016 US Presidential campaigns. The breaches 



were so serious that by November 2018, the UK’s data regulator, the Information 

Commissioners’ Office, stated that it would have issued a “substantial fine'' had the company not 

already gone into administration[8]. In July 2019, as well as levying a record $5 billion civil 

penalty against Facebook for failing to protect users’ privacy, the US Federal Trade Commission 

filed an administrative complaint against Cambridge Analytica LLC (the US arm) for deceptive 

harvesting of personal information from tens of millions of Facebook users for voter profiling 

and targeting. Pioneering the application of psy-ops from the military wing to the political wing 

of the wider corporate structure, it begs the questions of the social acceptability of such 

techniques. It is well-understood that propaganda often involves deception, but its coercive 

elements are less often discussed. To ethically persuade people to a particular political point of 

view demands that an individual’s decision should be both informed and freely chosen[8]. 

Survey and Interview Design 

 With this research, the authors discovered a lack of human experience and observation as 

per these topics. This investigation used a survey deployed by Priscilla Hopper who spent time 

analyzing Cambridge Analytica separately. Five interviews were conducted along with a 

deployed survey with 39 respondents. The goal of this portion of the investigation is to highlight 

the wants, needs, and actions taken by users. 

 Interview participants were recruited from a myriad of university majors and 

backgrounds: environmental science, communications, data science, finance, and media studies. 

Participants were interviewed with 16 prepared questions; three of the five identified as female. 

Table A displays an activity done in this interview. After interview participants were read 

description of what Cambridge Analytica is (or was), who was involved, whose information was 

compromised, they highlighted specific words from a list provided based off how learning that 

knowledge made them feel. Each participant highlighted “manipulated” and “invaded.” 

 The respondents range from 19 years old to 68 years old, with 71.8 percent being female 

identifying. The Google Form survey was sent though various messaging channels like Slack, 

text message, and Facebook. Respondents varied in locations throughout the United States. 

Respondents reported to complete the questionnaire, it took approximately three minutes. In the 

survey, there were 15 questions; 14 were required with one optional open-ended write-in 



question. Of the required questions, nine were multiple choice and check box questions, two 

utilized the likert scale, and one used a rating scale. The questions umbrellaed topics that fit in 

the psychographic data and privacy conversation like information sharing, data ownership, terms 

and conditions, and more. The goal in deploying this survey called for fast-thinking questions, so 

there were quite a few ‘Yes’ or ‘No’ questions.  

 According to the poll, 23.1 percent of respondents marked “No” when asked if they were 

in favor of a more private internet. And, 28.9 percent are not comfortable with the amount of 

privacy they have online. In addition, almost 70 percent of respondents have never read the 

entire terms and conditions for any platform or website. And, 41 percent have never heard of 

Cambridge Analytica or SCL. See more survey results on the pages following this summary.  

 The three checkbox multiple choice questions asked the following: “What information do 

you believe should never be shared publicly on platforms to friends, family, followers, etc.”, 

“What information do you believe is okay to be shared publicly on platforms to friends, families, 

and followers.'' And lastly, “What information do you believe platforms should have the access 

to with the intent to share or sell to other platforms or advertising companies, etc.” Tables G, H, 

and I display the results. In Table I, 51.3 percent of respondents said that none of the above 

information should be shared or sold by platforms. And, the options, hometown, phone number, 

and email were never clicked. Even though most of these are often requirements for entering 

social media platforms.  

 Users subject themselves to share information when platforms are not transparent about 

where their data goes, who sees it, what happens to it, etc. nor are the answers to those questions 

articulated well enough for profound understanding. In fact, based on this poll, 92 percent of 

survey respondents feel as though platforms and websites should make what data they sell or 

share explicitly clear. By immersing manipulative technology into users’ every day online 

interactions, platforms have hindered the ability to individually think, believe, value, identify, 

and act, because of how much power targeting and behavioral analysis, like Cambridge 

Analytica’s scheme, holds; And, people are slowly recognizing how powerful their own data is 

and therefore uncovering tactics used to exploit it and them. 

Limitations and Conclusions 

 Results from this study provide actionable insights to help improve the issues 

surrounding internet privacy. In order to understand how psychographic data is used, going 







through the process of data clustering leads to insights about attitudes towards psychographic 

data. SOM’s have shown high potential for marketing and politics, but at what cost? While using 

Artificial Neural Networks like SOMs can be extremely successful at assessing personalities, 

many inconsistencies can occur. One disadvantage of SOMs is first getting the right data. In 

order to create the visualization, values for each dimension of every single sample need to be 

collected. Additionally, there are inconsistencies with the clustering process which lead to similar 

clusters being split up by less similar clusters. Lastly, the biggest issue SOMs face is their 

computational expenses. Since the data has high dimensionality, it takes a lot of computational 

power to create these graphs. Despite these drawbacks, it’s clear that the influence and 

information gained from SOM analysis are extremely useful. Furthermore, If we are to continue 

using similar profiling techniques moving forward, steps need to be taken in order to avoid user 

manipulation. Currently, users have no choice but to share their information to participate online. 

Along with this, the use of psychological profiling can be extremely harmful to the users 

involved. By learning from the users we are better equipped to handle these challenges. 

Online social networks have become sites rich in both data, interaction, and activity.  Increasing 

in popularity, as new platforms are continually updated and released, these sites are now also 

being looked at by both specific and diverse sectors of the society, as potential sites of both 

commerce and opinion shaping.  The actors within these networks can often easily be mined for 

information, or the clusters of digital footprints they leave behind.  Increasingly, network 

analysts are turning to psychographic data, which it is clear, has the ability to yield a rich and 

diverse data set that can provide insights into everything from an individual’s potential interests, 

lifestyle, and opinions, to their basic wants and needs. While initially this data was used to better 

understand consumerism, as evidenced by a 2009 research study using SOMs to look at green 

buying behavior in Kuwait, advertisers immediately keyed into psychographic data’s usefulness 

in predicting, or at the very least, better understanding human social behavior. Utilized in this 

seemingly banal way, it was all the more surprising when we witnessed the very high-profile 

Cambridge-Analytica case, in 2016, where psychographic data was compiled and used, without 

the user’s knowledge, to manipulate people in order to change their political views in a US 

election. This recent incident calls us to look more closely at the ways in which psychographic 



data can be used and to be more cognizant of our actions and the potential risks to our privacy of 

using social networks online. 

 Through the survey, it is apparent that there is a juxtaposition of needs, wants, and actions 

taken by users. According to these respondents, accepting the terms and conditions is an all-the-

time action they implement, and users have been bred to do just that. Technology has pushed the 

boundaries of learned helplessness; a.k.a. in order to play our game, or connect with your friends, 

you must click ‘Accept.’ This is where trust has been lost; in this poll, the majority of 

respondents do not feel comfortable with privacy online. While this information has proven vital 

to expand the opportunity of exploring human online interaction and values with depth, it also 

has its shortcomings. This survey had less than 40 respondents, and for the purpose of this small 

investigation (seeking a portion of human perception) the findings were brief but fulfilled the 

need. With more survey respondents, we would get a clearer view into the users’ online 

experiences. In addition, vague questions could be avoided or at least added to for the betterment 

of more clear and accurate data. Technology has the power to drive change. By curating research 

that fosters observing the human experience, technologists would be able to grow the scale of 

ethical technology. And, while tech is inching closer and closer to extremely personalized and 

predictive processes, the problem becomes apparent when users look back and realize they feel 

manipulated. Users require transparency and a more well-rounded knowledge of what goes on 

behind their screens. It is the duty of those involved to take responsibility and ownership of that 

mission, and derail the path of unethical tech to reflect the values of the identities at stake. 

————— 
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